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Abstract

In this study, we empirically examine the determinants of fundraising success in Japan’s
lending-based crowdfunding (LBCF), with a focus on the financial literacy of investors.
Using 465 campaigns on LBCF platform “Bankers” (Dec 2020-Sep 2024), we test two pre-
dictions derived from the lack of financial literacy hypothesis: (H1) investors are influ-
enced by peripheral signals; (H2) diagnostic signals are not properly evaluated. Both are
rejected. In cross-sectional tests, peripheral cues such as "Perks" are negatively associated
with success, and the effects of "Title length" and "Purple highlight text" observed in sim-
pler models vanish when analyzed jointly. By contrast, diagnostic information is consist-
ently informative: "Domestic campaign" and "Co-investment" are positive, while "Invest-
ment term" is negative; "Investment capital” is also negative, contrary to prior expecta-
tions. The results are robust to controls for the campaign sector and to alternative specifi-
cations (probit; OLS on achievement rate). Overall, investors in Japan’s LBCF appear to
rely on diagnostic rather than peripheral signals, indicating financially literate, rational
decision making.

Keywords: lending-based crowdfunding; financial literacy; signal quality

JEL Classification: G41, G21, D14

1. Introduction

In this study, an empirical analysis of the success factors in Japan’s lending-based
crowdfunding (hereinafter referred to as LBCF) is presented, with a particular focus on
the financial literacy of individual investors. Recent advances in digital technology and
the rapid diffusion of the internet have accelerated the development of diverse alternative
financing methods [1-3]. Among these, crowdfunding has attracted significant scholarly
and practical attention as a major alternative to traditional bank loans and venture capital.
Within this broad category, LBCF has emerged as one of the leading forms [4,5].

LBCF is a mechanism through which the funds required for projects are raised from
an unspecified number of individuals (the “crowd”) via online platforms, and borrowers
provide investors with financial returns in the form of interest payments. Crowdfunding
encompasses several types of funding—purchase-based, equity-based, and donation-
based —but in terms of the total volume of funds raised worldwide, LBCF accounts for a
particularly significant share. In this context, whether investors in Japan’s LBCF are
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influenced primarily by peripheral signals (such as visual presentation and platform de-
sign features) or diagnostic signals (such as loan terms, collateral, or co-investment) was
investigated in the present study. By distinguishing between these two types of signals,
we aim to shed light on the extent to which Japanese retail investors exhibit financial lit-
eracy when making investment decisions in LBCF.

In Japan, LBCF has also been expanding as a new financing channel, with multiple
platforms currently in operation. According to the Yano Research Institute, the overall
crowdfunding market in the 2021 fiscal year amounted to JPY 164.2 billion, of which LBCF
accounted for approximately 70 percent. Unlike peer-to-peer (P2P) lending overseas, Ja-
pan’s LBCF operates under a distinct legal framework. It is typically conducted under the
system known as “social lending,” in which firms licensed as Type II Financial Instru-
ments Business operators establish loan funds and enter into anonymous partnership
agreements with investors. Platform operators play a central role by disclosing investor
relation (IR) information provided by firms seeking funds, soliciting investors online, and
conducting due diligence on loan cases. With the continued development of the infor-
mation society, LBCF has become increasingly important as a means for startups to raise
relatively modest amounts of capital from a large number of individual investors via the
internet [6].

Academic research on the success factors of LBCF has been actively conducted, par-
ticularly in China, the United States, and Europe. Much of this work has examined the
signaling hypothesis as a means of addressing information asymmetry between borrow-
ers and investors. However, because crowdfunding is a financial service aimed at indi-
vidual investors, the financial literacy of those investors is also critical from the standpoint
of investor protection. In recent years, studies in equity crowdfunding have advanced our
understanding of how the financial literacy of individual investors relates to campaign
success factors [7,8]. However, no empirical research has specifically examined the success
factors of Japan’s LBCF market. More broadly, there remains a global lack of studies that
analyze LBCF through the lens of individual investors’ financial literacy.

This study aims to fill this research gap by identifying the success factors of funding
in Japan’s LBCF. A distinctive feature of our approach is the focus on the financial literacy
of individual investors—a perspective that has not been explicitly addressed in prior re-
search. Specifically, we collected and analyzed data from 465 campaigns completed be-
tween the launch of the first campaign in December 2020 and the end of September 2024
on Bankers, Japan’s largest LBCF platform. Following earlier studies, we adopt the so-
called lack of financial literacy hypothesis, which is derived from the signaling hypothesis.
In this framework, signals are classified into two categories: diagnostic signals, which con-
vey essential information for evaluating risk and return, and peripheral signals, which
mainly pertain to presentation or design features. We then test whether these two types
of signals influence the probability of successful fundraising, thereby assessing the pres-
ence or absence of financial literacy among Japanese retail investors.

The remainder of this paper is organized as follows. Section 2 reviews relevant prior
research; Section 3 outlines the hypotheses and research methods; Section 4 presents the
empirical results; and Section 5 discusses conclusions and directions for future research..

2. Previous studies

2.1. Signaling hypothesis
2.1.1. Overview of hypothesis

In LBCF, as in other forms of financing, there exists information asymmetry between
borrowers and lenders (i.e., investors). Borrowers possess extensive knowledge about
their own creditworthiness and the details of their campaigns, while the information

40
41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60
61
62
63
64
65
66
67
68
69
70
71
72
73
74
75
76
77
78
79
80
81
82

83

84
85

87
88



3 of 21

available to investors is limited. This imbalance makes it difficult for investors to assess
risk appropriately and can lead to problems such as adverse selection and moral hazards.
In such situations, signaling theory [9] provides an important framework for understand-
ing how borrowers, who hold informational advantages, communicate private infor-
mation regarding the quality and future prospects of their projects to potential investors.
Borrowers attempt to gain the trust of investors by transmitting various signals to reduce
information asymmetry. Comprehensive reviews of LBCF (e.g., [10]) likewise emphasize
that a wide range of information can function as signals.

Building on the existing literature, previous studies have also examined signals from
three major perspectives: (1) basic campaign conditions, (2) financial and credit-related
information, and (3) borrower characteristics.

2.1.2. Basic Conditions of the Campaign

Loan terms represent the primary information examined by investors and function
as key signals directly shaping investment decisions. The relationship between interest
rates and fundraising success, however, remains mixed. Several studies report that higher
interest rates can increase the probability of success [11,12], whereas others suggest that
excessively high rates may discourage investors and reduce participation [13]. Shorter
loan terms are generally associated with greater fundraising success, reflecting investors’
preference for liquidity. This pattern has been observed across diverse markets, including
China, Europe, Indonesia, and South Korea [11,14-17]. Likewise, a lower target amount is
often interpreted as a signal of higher probability of campaign success [12,18,19].

In addition, the purpose and type of funding exert an important influence on investor
behavior [13,20]. For instance, on platforms oriented towards social contribution, loans
aimed at essential goods are funded more rapidly than those intended for business pur-
poses [21]. More broadly, funding purposes have been examined in various lending con-
texts, including personal consumer loans [12] and auto loans [22].

Information on the financial soundness and credibility of borrowers is a crucial indi-
cator for investors in assessing default risk. Credit scoring is the most typical measure,
and both platform-specific and third-party credit scores have been examined in prior stud-
ies. Numerous analyses have shown that higher credit scores are positively associated
with fundraising success (e.g., Cai, Lin, Xu, & Fu [11]; Grant & Deer [23]).

A borrower’s past fundraising record is another important signal of reliability. Sev-
eral studies have reported that a strong history of transactions and previous loan success
facilitates subsequent fundraising [16,24]. More detailed indicators, such as the number of
past delinquencies and the loan-to-borrow ratio, have also been incorporated into risk as-
sessments. In particular, a high loan-to-borrow ratio has been found to negatively affect
loan application success rates [29]. Borrower characteristics can further influence investors’
evaluations. Some studies suggest that applications from small businesses are more likely
to receive funding [25]. In specific contexts, such as Islamic financial markets, compliance
with ethical standards has been identified as essential for building investor trust [14,26].

Finally, research highlights the role of offline connections in LBCF. For example, the
importance of offline verification has been demonstrated [27], and borrowers with larger
social networks have been shown to enjoy an advantage in fundraising [28].

2.1.3. Borrower Characteristics

The demographic and personal characteristics of borrowers have also been inter-
preted as potential signals in prior studies. For example, research has indicated that fe-
male entrepreneurs may face disadvantages when applying for business loans [30]. In
China, female borrowers tend to be charged higher interest rates despite exhibiting lower
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default rates [31]. Conversely, some platforms appear to favor women or enable them to
raise funds more quickly [21,32].

The annual income and educational background of borrowers can likewise serve as
proxy indicators of credibility and repayment capacity. Several studies have reported that
higher income contributes positively to fundraising success [23,27], and that borrowers
with higher levels of education achieve higher success rates [15,33]. Evidence regarding
borrower age is mixed. Some studies find a positive correlation between older age and
fundraising success [27], while others suggest that borrowers who appear middle-aged or
older in photographs may be disadvantaged in securing funding [20].

2.1.4. Economic Environment

In addition to the micro-level characteristics of individual campaigns and borrowers,
the broader macroeconomic environment can also shape overall trends in the LBCF mar-
ket and influence the success or failure of individual campaigns. For example, changes in
policy interest rates can alter relative return expectations and capital inflows into LBCF
by affecting market lending rates and the attractiveness of alternative investment oppor-
tunities. Ramdhan et al. [34] demonstrate that benchmark lending and inflation rates are
significant determinants in Malaysia’s P2P lending market. Similarly, Foo et al. [35] report
that macroeconomic variables —such as 10-year government bond yields, unemployment
rates, and consumer price indices—are associated with P2P lending activities. These find-
ings suggest that the role and performance of LBCF may vary substantially depending on
broader economic conditions.

2.2. Lack of Financial Literacy Hypothesis

Most previous studies on the success factors of LBCF have been grounded in the sig-
naling hypothesis as their primary theoretical framework. Similar approaches can also be
observed in research on other types of crowdfunding, such as equity-based and reward-
based crowdfunding. In traditional corporate finance, decisions on lending or investment
were primarily made by professional actors—such as banks and angel investors —who
possessed specialized knowledge, experience, and expertise. By contrast, crowdfunding
is a financing mechanism that broadly involves individuals as funders. In LBCF, repre-
sented by P2P lending, individual investors are the primary providers of capital.

However, individual investors do not typically engage in lending or investment ac-
tivities on a daily basis and may lack sufficient financial knowledge and experience.
Against this backdrop, research focusing on the financial literacy of individual investors
has gained increasing attention as a determinant of crowdfunding success. For example,
studies on Japan’s equity-based crowdfunding suggest that investors’ financial literacy
may influence the likelihood of campaign success [7,8]. At the cross-country level, higher
levels of financial literacy are associated with investors who play a stronger role in reduc-
ing information asymmetry, thereby making equity-based crowdfunding more likely to
succeed and persist [36]. Similarly, evidence from Indonesia indicates that crowdfunding
investors generally exhibit higher levels of financial literacy than non-investors [37].

Based on these studies, the lack of financial literacy hypothesis suggests that the lit-
eracy level of individual investors can be assessed from two perspectives. First, individual
investors may fail to evaluate, or may undervalue, diagnostic signals that professional
investors would naturally take into account. Second, peripheral signals —irrational or su-
perficial information that professional investors would normally disregard —may none-
theless influence individual investors” decisions and thereby affect the success or failure
of campaigns. In other words, the hypothesis implies that investors fail to rely on
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diagnostic signals and are instead influenced by peripheral signals, deviating from the
rational behavior typically expected of professional investors.

Khan et al. [38] tested the lack of financial literacy hypothesis in the context of LBCF.
However, their analysis relied on a questionnaire survey of individual investors, raising
concerns about recall bias and confirmation bias. To the best of our knowledge, no empir-
ical study has yet employed transaction-level data that would minimize these risks.

Previous research has generally assumed that information provided by borrowers
constitutes “rational” signals, analyzing how such information is perceived by investors
and how it contributes to successful fundraising. Our review of the literature, however,
indicates that many of the proxy variables adopted within the signaling hypothesis frame-
work could instead be reinterpreted as proxies for the lack of financial literacy among
individual investors. In particular, some variables traditionally treated as “rational” sig-
nals may in fact capture the tendency of investors to undervalue diagnostic signals and to
be disproportionately influenced by peripheral signals. This reinterpretation underscores
the need for closer scrutiny of how investor literacy shapes the effectiveness of different
types of signals.

Among these variables are peripheral signals that professional investors would ei-
ther disregard or interpret differently. For example, the length of the campaign descrip-
tion [15,39], the number of images or videos, and other visual elements have been identi-
fied as important in conveying the appeal of a campaign [20,40,41]. The campaign title,
the quantitative detail of the description, and the specificity of numerical expressions have
also been reported as factors influencing fundraising outcomes [13,15].

In addition, linguistic features such as the presence or absence of spelling mistakes
[39], the use of punctuation marks [42], and the use of polite expressions [43] have been
shown to shape investors’ impressions of borrower reliability and campaign quality,
which in turn may affect fundraising success. While these factors are not directly related
to the fundamental value or risks of a campaign, they are highly relevant to financial lit-
eracy because of their potential to sway the decisions of individual investors.

Individual financial literacy has a significant impact on the quality of economic deci-
sions throughout one’s life —including saving, investing, and borrowing —and ultimately
affects not only personal economic well-being but also the efficiency of the economy as a
whole. This has been widely recognized in the international literature (e.g., [44]). In addi-
tion, the OECD and the World Bank Group emphasize the importance of enhancing fi-
nancial capability from the perspective of financial inclusion and have promoted a variety
of policy initiatives in different countries. These international trends strongly suggest that
financial literacy constitutes an indispensable foundation for individuals to make in-
formed and prudent financial choices in an increasingly complex environment. This
recognition also underscores the relevance of examining financial literacy in the context
of LBCF, where individual investors, rather than professionals, are the primary decision-
makers.

Crowdfunding is a market in which a diverse range of individual investors partici-
pate, making it an excellent empirical setting for assessing financial literacy through the
analysis of investment behavior. Much of the existing research has been grounded in the
signaling hypothesis, treating the information provided by borrowers as rational (diag-
nostic) signals. However, insufficient attention has been paid to how such signals are ac-
tually interpreted by individual investors in light of their financial literacy levels, or how
lower literacy may lead them to rely instead on peripheral signals and make irrational
decisions (Table 1).

The purpose of this study is to fill this gap by empirically examining the process
through which individual investors interpret signals, and by clarifying the role of financial
literacy in shaping this process, using data from Japanese LBCF platforms. By elucidating
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the mechanisms through which information influences investment decisions —and how a
lack of financial literacy may lead to suboptimal behavior —we seek to deepen our under-
standing of investor decision-making in crowdfunding markets. The insights gained are
expected to offer new perspectives for both signaling theory and financial literacy research,
as well as contribute to international discussions on educational interventions and insti-
tutional design aimed at improving the financial literacy of individual investors world-

wide.

Table 1. Signals in Crowdfunding from Prior Studies: Diagnostic vs. Peripheral.!
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3. Empirical analysis

3.1. Verification hypothesis

The main objective of this study is to offer a new perspective on the determinants of
campaign success in LBCF, focusing specifically on the role of financial literacy. Tradition-
ally, lending has been conducted by professional financial institutions —such as banks and
non-bank lenders —regardless of the size of the loan. In contrast, individual investors have
typically deposited their funds in banks and received returns indirectly in the form of
interest generated by professional lending decisions. They have not been directly involved
in evaluating loan opportunities, and thus financial literacy —understood as the ability to
assess the merits of lending along with its associated risks and returns —has not been re-
quired.

On the other hand, in crowdfunding, individual investors directly provide funds to
entities in need of capital. In this setting, investors are required to exercise financial liter-
acy in order to decide whether to lend. Financial literacy was originally defined as “the
ability to process economic information and make informed decisions regarding financial
planning, asset accumulation, debt management, and retirement planning.” With the
rapid development of fintech, however, scholars have emphasized the need to expand this
concept to encompass new forms of financial literacy [45]. Oh and Rosenkranz [46], for
example, demonstrate a positive correlation between financial literacy and the expansion
of P2P lending.

Despite this, a growing body of evidence indicates that many individual investors
lack sufficient financial literacy. For instance, surveys show that a significant share of
young adults fail to understand basic concepts such as interest rates, inflation, and risk
diversification [44]. Moreover, the effectiveness of traditional financial education appears
limited and tends to diminish over time [47]. In response, Fernandes, Lynch Jr., and
Netemeyer [47] propose “just-in-time” financial education, while Drexler et al. [48] pro-
vide evidence for the effectiveness of simplified, “rules-of-thumb” approaches.

In Japan’s social lending sector, concerns have been raised about inappropriate trans-
actions and fraudulent practices, stemming from investors’ limited understanding of the
mechanisms and processes involved. Similarly, research on equity-based crowdfunding
shows that, while fundraisers and platforms disclose information comparable to that pro-
vided to professional venture capitalists, individual investors often fail to fully utilize
such information [7,8].

In the context of LBCF, insufficient financial literacy may prevent individual inves-
tors from accurately evaluating campaign information, leading them to misinterpret or
overemphasize inappropriate signals. According to signaling theory, investors interpret
the information available to them and use it as the basis for decision-making. However,
when this interpretation is misguided, it can result in losses. A lack of financial literacy
may therefore cause investors to assume unnecessary risks or form unrealistic expecta-
tions. Against this backdrop, the present study advances the following hypotheses.

H1: In LBCF campaigns, peripheral signals—those that professional investors would
not normally regard as diagnostic—significantly increase the probability of success.

There are a total of seven proxy variables for H1: the number of explanatory texts,
the presence of videos, the number of perks, the number of images, title length (number
of characters), the presence of red thumbnails, and the number of purple characters (see
the upper panel in Table 2). Among these, the number of perks does not reflect the intrinsic
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value of the campaign. The remaining six variables pertain to the visual design and
presentation of the campaign webpage, all of which can be freely manipulated by the
campaign organizer. In this study, if these variables are found to exert a statistically sig-
nificant effect on campaign success, we interpret this as evidence that individual investors
have been influenced by peripheral signals that should not, from a financial literacy per-
spective, have been considered diagnostic.

H2: In LBCF campaigns, diagnostic signals that should be properly considered are
not adequately evaluated and therefore do not influence the probability of campaign suc-
cess.

H2 is derived from Spence’s signaling hypothesis [9], which has been widely sup-
ported in prior research. The hypothesis posits that the information-holding party (in this
study, the borrower) or the platform seeks to convey private information about the quality
and intent of the campaign to the information-receiving party (in this study, individual
investors) through observable behaviors (signals) in order to gain their trust. In this con-
text, the sender expects that the information will be taken into account by investors, re-
gardless of whether the content is favorable or unfavorable. However, if such information
is not effectively incorporated into investment decisions, this can be interpreted as evi-
dence that individual investors lack sufficient financial literacy.

Drawing on previous research, this study employs 11 variables as proxies for this
hypothesis. Specifically, the variables listed in Table 2—*“Domestic campaign,” “Invest-
ment purpose (non-working capital),” “First-come, first-served,” “Investment term,”
“Track record with Bankers,” “Co-investment,” “Collateral,” “Risk analysis,” “Borrower
affiliated with a listed company,” “Female borrower,” and “Interest rate” —are examined.
Previous studies have generally treated these variables as rational signals and found them
to be significantly correlated with campaign outcomes. Therefore, if none of these varia-
bles function as effective signals, we interpret this as an indication that individual inves-
tors lack the financial literacy necessary to properly evaluate them.
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Table 2. Hypothesis and proxy variables.

Hypothesis Proxy varia- | Si Explanation
ble gn
Text length I A greater number of explanatory texts increases the likelihood of
campaign success.
Videos I The presence of a campaign introduction video increases the success
rate (dummy variable: 1 = present; 0 = absent).
Perks + | A larger number of perks increases the probability of success.
H1: Peripheral Images + | A greater number of images enhances the probability of success.
Signals Title length n Longer titles, measured by the number of characters, increase the like-
lihood of success.
Red color n The use of red in thumbnail images raises the probability of success
(dummy variable: 1 = present; 0 = absent).
Purple high- I A greater number of purple characters (Bankers’ brand color) increases
light text the likelihood of success.
Domestic I Domestic campaigns are more likely to succeed because they provide
campaign a sense of security (dummy variable: 1 = present; 0 = absent).
Investment Campaigns aimed at investment capital, rather than working capital,
capital (not 4 | are more likely to succeed because they signal growth potential
working cap- (dummy variable: 1 = present; 0 = absent).
Basic | ital)
condi- | First-come, First-come, first-served campaigns signal speed and recruiter confi-
tions first-served + | dence, thereby increasing the probability of success (dummy variable:
1 = present; 0 = absent).
Investment | | Shorter investment terms reduce recovery risk and thereby increase
term the likelihood of success.
H2: Interest rate N Higher interest rates may attract investors (+) but also entail higher
Diag- risk ().
nostic Bankers' n Fundraisers with a proven track record are more trusted, which in-
Signals Finan- | track record creases the probability of success.
cial Co-invest- n Fundraisers who invest in the same campaign are trusted because they
and ment share the same risk, raising the likelihood of success.
credit | Collateral I The provision of collateral reduces default risk and increases the prob-
infor- ability of success.
mation | Risk analy- i Bankers’ proprietary risk analysis mitigates information asymmetry,
sis thereby enhancing the likelihood of success.
Bor- Partnership Partnerships with listed companies increase credibility and transpar-
rower | With listed + | ency, boosting investor confidence and the probability of success.
char- companies
acter- | Female Female fundraisers bring unique management perspectives that are
istics * positively regarded, increasing the probability of success.

Control variable

Real estate

Digital  fi-
nance

Fintech

Beauty

Although not a hypothesis tested in this study, campaign type may
affect success; therefore, these variables are included as controls (real
estate campaigns are excluded as they form the basis of the regression

analysis).

3.3. Empirical analysis
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330

331
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3.3.1. Data

In this study, we analyzed Bankers, Japan’s largest LBCF platform operated by Bank-
ers Co., Ltd. We used data from 465 campaigns posted on the Bankers portal site between
the first campaign (December 2020) and the end of September 2024. Based on these data,
we conducted an empirical analysis using statistical models to examine the success factors
of campaigns in LBCF. All data were collected from information available on the portal
site accessible to investors. Each campaign page on the portal site displays a thumbnail
image at the top, with the title in white text above it. The screen presents the funding
status, while detailed information such as the planned distribution rate, investment term,
fundraising method, target fundraising amount, and remaining fundraising time is listed
at the bottom. Table 3 presents the descriptive statistics for each variable, and Table 4
shows the correlation matrix.

Table 3. Basic statistics.

Panel A: Qualitative variables.

Yes/ 1 No/0
Success  Failure Success Failure

H1: Peripheral Signals

Videos 15 8 261 181
Red 28 26 248 163
H2: Diagnostic Signals

Domestic campaign 226 128 50 61

Investment capital 146 120 130 69

First-come, first-served 253 185 23 4

Bankers' track record 237 174 39 15

Co-investment 69 128 148 120

Collateral 229 131 47 58

Risk analysis 195 123 81 66

Partnership with listed companies 82 88 194 101

Female 49 21 227 168

Panel B: Quantitative variables.
Success Failure
N Mean S.D Min Max N Mean S.D Min Max
H1: Peripheral Signals
Perks 276 1.3 0.8 0.0 4.0 189 1.6 0.9 0.0 4.0
Images 276 0.6 0.9 0.0 7.0 188 0.6 0.8 0.0 5.0
Texts 276 858 488 115 2,705 189 842 509 113 3,247
Title 276 23 7 8 35 189 24 6 11 35
Purple 268 102 95 8 420 183 84 76 5 513
H2: Diagnostic Signals

Investment term 276 9 4 1 24 189 12 4 3 24

Interest rate

276 6.7% 1.9% 2.5% 13.5% 189 6.7% 2.2% 2.5% 13.5%

332

333
334
335
336
337
338
339
340
341
342
343
344
345
346

347

348
349
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Table 4. Correlation Matrix of Proxy Variables! 350
1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23
1 Campaign success/failure 100 0.28 0.02 0.03 -0.17 -0.09 -0.06 0.08 0.16 -0.11 -0.13 -0.26 0.00 -0.09 0.10 0.16 0.06 -0.17 0.09 -0.02 -0.06 -0.16 0.10
2 Success rate (%) 0.28 1.00 0.04 0.14 -0.04 -0.17 0.6 -0.02 0.03 0.00 -0.54 -0.15 0.05 -0.01 0.12 0.10 0.02 -0.05 0.02 0.04 0.02 -0.06 -0.03
3 Text length 0.02 0.04 1.00 025 0.01 0.4 043 -0.16 -0.18 0.23 -0.06 -0.09 0.09 -0.13 0.10 -0.17 -0.32 0.10 -0.13 -0.01 0.26 -0.18 -0.12
4 Videos 0.03 0.14 0.25 1.00 -0.26 0.06 0.38 -0.07 -0.17 0.14 -0.20 -0.21 0.01 -0.01 -0.04 0.08 -0.16 0.14 -0.10 -0.08 0.25 -0.09 -0.08
5 Perks -0.17 -0.04 0.01 -0.26 1.00 -0.09 -0.13 -0.47 0.04 -0.08 0.09 0.23 0.01 -0.01 043 0.05 0.29 0.09 -0.09 0.02 -0.10 0.10 -0.11
6 Title length -0.09 -0.17 0.14 0.06 -0.09 1.00 025 0.14 -0.54 004 0.22 0.08 034 0.20 -0.37 -0.14 -0.38 0.13 0.29 -0.30 0.61 -0.04 0.32
7 Red color -0.06 0.06 0.43 0.38 -0.13 0.25 1.00 -0.07 -0.35 0.26 -0.11 -0.13 0.29 -0.08 -0.17 -0.17 -0.33 0.23 -0.15 -0.09 0.51 -0.11 -0.13
8 Purple highlight text 0.08 -0.02 -0.16 -0.07 -0.47 0.14 -0.07 1.00 -0.01 -0.01 0.01 -0.04 0.18 0.03 -0.55 0.03 -0.20 -0.18 0.21 -0.10 0.01 -0.17 027
9 Domestic campaign 0.16 0.03 -0.18 -0.17 0.04 -0.54 -0.35 -0.01 100 -0.47 0.03 -0.23 -0.65 -0.11 031 0.07 0.37 -0.39 0.22 0.29 -0.77 0.23 021
10 Investment capital -0.11 000 0.23 0.14 -0.08 0.04 026 -0.01 -0.47 1.00 0.06 -0.01 0.12 -0.06 -0.14 0.05 -0.26 0.09 -0.46 0.42 0.39 -0.47 -0.43
11 First-come, first-served -0.13 -0.54 -0.06 -0.20 0.09 0.22 -0.11 001 0.03 006 1.00 0.16 -0.13 0.02 -0.05 -0.11 0.05 0.02 -0.05 0.05 -0.04 0.07 -0.05
12 Investment term -0.26 -0.15 -0.09 -0.21 0.23 0.08 -0.13 -0.04 -0.23 -0.01 0.16 100 0.20 -0.02 0.01 -0.11 0.08 0.10 -0.08 -0.20 0.03 0.06 -0.11
13 Interest rate 0.00 0.05 0.09 001 001 0.34 029 0.18 -0.65 0.12 -0.13 020 1.00 0.08 -0.31 0.11 -0.37 0.06 -0.05 -0.42 0.59 -0.27 -0.04
14 Bankers' track record -0.09 -0.01 -0.13 -0.01 -0.01 0.20 -0.08 0.03 -0.11 -0.06 0.02 -0.02 0.08 1.00 -0.15 -0.05 -0.06 0.09 0.12 -0.17 0.11 0.09 0.13
15 Covinvestment 010 0.12 0.10 -0.04 0.43 -0.37 -0.17 -0.55 0.31 -0.14 -0.05 001 -0.31 -0.15 1.00 0.I1 0.55 -0.05 -0.13 0.14 -0.38 0.23 -0.24
16 Collateral 0.6 0.10 -0.17 0.08 0.05 -0.14 -0.17 0.03 0.07 0.05 -0.11 -0.11 0.11 -0.05 011 1.00 0.11 -0.19 0.23 0.04 -0.15 -0.52 0.20
17 Risk analysis 0.06 0.02 -0.32 -0.16 0.20 -0.38 -0.33 -0.20 0.37 -0.26 0.05 0.8 -0.37 -0.06 055 0.1 100 0.06 -0.04 0.04 -0.49 0.27 -0.09
18 Partnership with listed companies  -0.17 -0.05 0.10 0.14 0.09 0.13 0.23 -0.18 -0.39 009 0.02 0.0 0.06 0.09 -0.05 -0.19 0.06 100 -0.31 -0.34 0.26 0.34 -0.28
19 Female 0.09 0.02 -0.13 -0.10 -0.09 0.29 -0.15 0.21 0.22 -0.46 -0.05 -0.08 -0.05 0.12 -0.13 0.23 -0.04 -0.31 1.00 -0.21 -0.17 0.02 0.88
20 Real estate -0.02 0.04 -0.01 -0.08 0.02 -0.30 -0.09 -0.10 0.29 0.42 0.05 -0.20 -0.42 -0.17 0.4 0.04 0.04 -0.34 -0.21 100 -0.25 -0.23 -0.21
21 Digital finance -0.06 0.02 0.26 0.25 -0.10 0.61 051 0.01 -0.77 039 -0.04 0.03 059 0.11 -0.38 -0.15 -0.49 0.26 -0.17 -0.25 1.00 -0.18 -0.16
22 Fintech -0.16 -0.06 -0.18 -0.09 0.10 -0.04 -0.11 -0.17 0.23 -0.47 0.07 0.06 -0.27 0.09 0.23 -0.52 0.27 034 0.02 -0.23 -0.18 1.00 -0.15
23 Beauty 0.10 -0.03 -0.12 -0.08 -0.11 0.32 -0.13 0.27 0.21 -0.43 -0.05 -0.11 -0.04 0.13 -0.24 0.20 -0.09 -0.28 0.88 -0.21 -0.16 -0.15 1.085]
1Dummy variables are also treated as continuous variables in the calculation. 352
353
354
3.3.2. Methodology 355
First, we performed a t-test to calculate the difference in means and a Wilcoxon rank- 356
sum test to analyze the difference in medians for the quantitative data among the proxy 357
variables of the hypothesis. The difference is calculated as shown in Equation (1). In this 358
study, campaigns that reached their fundraising goal are defined as successful (1), and 359
those that did not are defined as unsuccessful (0). 360
361
Difference = Mean/Median of successful campaigns — Mean/Median of failure campaigns 362
1 363
364
Next, we divided the qualitative data of the proxy variables of the hypothesis into 365
success/failure and verified the composition ratio of each using a chi-square test. Further- 366
more, we performed logistic analysis with the dependent variable set as “campaign suc- 367
cess (1)/failure (0)” and the explanatory variables as the proxy variables for the hypothesis. 368
The basic model of the logistic analysis shows how the success probability pi is deter- 369
mined by the explanatory variables, and is represented by Equation (2). 370
371
POy =111) : @
pi =P = = 372
m
1+ eXP(_(Bo + Zn:l BnXin))
373
Here, yi is a binary variable indicating the success or failure of a campaign, taking values 374
of 0 (failure) or 1 (success). pi is the probability of campaign success, taking values be- 375
tween 0 and 1. The log odds ratio of this success probability is expressed as a linear com- 376
bination of explanatory variables, as shown in Equation (3). 377
m
In(—2) = g, + Xm+e (3)
n 1— - BO Bn inTE€ 378
pi e~
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In this case, x represents the proxy variable or control variable for the hypothesis, and ¢
indicates the error term.

Finally, to check robustness, we performed a probit analysis using the same variables
as in the logistic analysis, and OLS multiple regression analysis using the success rate
(funding amount/target amount x 100) as the dependent variable, with the same explana-
tory variables as in the logistic analysis. The model equations are shown in Equations (4)
and (5).

PO =11X) = (Bo ) anm> @
n=1

Here, P(yi =11X) is the probability of campaign i succeeding, yi is a binary variable indi-
cating success or failure, Xin is an explanatory variable, 30 and (n are coefficients, and ®
is the cumulative distribution function of the standard normal distribution.

m
vi=Bo+ ) BuXmte (5)
n=1

Here, yi is the explained variable (success rate) ; Xin is the explanatory variables; 30 and
[n are coefficients; and «i is the error term.

4. Results

4.1. Results of difference tests

Table 5 reports the results of chi-square tests examining whether there are statistically
significant differences in the proportions of each variable between the two groups ("suc-
cess" and "failure") based on qualitative proxy variables. The two qualitative variables
presented in Panel A did not show any significant association with campaign success. In
Panel B (quantitative variables), "Title length" was lower in successful campaigns than in
unsuccessful ones, with the t-test significant at the 5% level for the mean and the Wilcoxon
rank-sum test significant at the 1% level for the median. The use of "Purple" tended to be
higher in successful campaigns, with the Wilcoxon rank-sum test indicating significance
at the 10% level for the median. These results suggest that individual investors’ funding
decisions may be influenced by peripheral signals such as visual information, thereby
supporting the lack of financial literacy hypothesis.

On the other hand, "Perks" tended to be lower in successful campaigns (negative cor-
relation), which was significant at the 10% level in the t-test for the mean and at the 1%
level in the Wilcoxon rank-sum test for the median. The lack of financial literacy hypoth-
esis assumed a positive correlation between the number of perks and campaign success.
However, the observed negative correlation suggests that individual investors may be
averse to signals that diverge from the essence of such campaigns, thereby demonstrating
their financial literacy. No significant differences were observed in the other variables.

Table 5. Results of difference tests (H1-related).

Panel A
Yes /1 No/0 chi-square
Success Failure Success Failure
Videos 65% 35% 59% 41% 0.35
Red 52% 48% 60% 40% 1.43
Panel B
Success Failure Dif- Dif-
ference t- z-
Me- Me- . fer-
Mean N Mean in value . value
dian dian ence mn

Means

379
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382
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389
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Medi-
ans
Title 276 225 20.0 189 23.7 23.0 -1.0 -2.04 ** -3.0 -2.50
Texts 276 855.3 729.5 189 8424 710.0 129 0.27 19.5 0.55
Images 276 0.6 0.0 188 0.6 0.0 0.0 -0.49 0.0 091
Perks 276 1.3 1.0 189 1.6 1.0 -0.3 -3.66 * 0.0 3.61 ¥
Purple 268  101.9 72.0 183 83.6 71.0 18.0 2.18 1.0 1.68 *

In Table 6, Panel A presents the results of chi-square tests conducted on qualitative
proxy variables for H2, divided into two groups based on campaign success or failure.
Signals associated with gaining investor trust and reducing risk showed a positive corre-
lation with the probability of success. Specifically, "Collateral" (success rate: 64%), " Co-
investment" (65%), and "Female" (70%) all exhibited significantly higher success rates
compared to cases where these factors were absent. Furthermore, "Domestic campaigns"
(49%) had significantly higher success rates than overseas campaigns s, suggesting that
these factors may function as signals reflecting Japanese investors” preference for safety
and transparency (home bias).

Conversely, some signals yielded results contrary to general expectations. For in-
stance, "Bankers' track record"” and "Partnership with listed companies" were associated
with significantly higher success rates when the response was "No." This suggests that
investors do not merely take signals such as past performance or company reputation at
face value, but instead evaluate the substantive content of each campaign more critically.

With regard to quantitative variables, the "Investment term" was significantly shorter
(at the 1% level) for successful campaigns (Table 6, Panel B). This finding indicates that
investors make rational decisions by assessing lower capital recovery risk and higher li-
quidity, which is consistent with previous research.

Table 6. Results of difference tests (H2-related).
Panel A
Yes /1 No/0 chi-square
Success  Failure Success  Failure
Domestic campaign 64% 36% 45% 55% 12.38 ok
Investment capital 55% 45% 65% 35% 5.14 *
First-come, first-served 58% 42% 85% 15% 7.93 i
Bankers' track record 58% 42% 72% 28% 4.19 *
Co-investment 65% 35% 55% 45% 4.48 *
Collateral 64% 36% 45% 55% 11.97 o
Risk analysis 61% 39% 55% 45% 1.61
P..alrtnersh1p with listed compa- 48% 509, 66% 349, 13.73 .
nies
Female 70% 30% 57% 43% 3.87 *
Panel B
Success Failure Dif- Dif-
fer-
ference t- . z-
Me- Me- . ence in
N Mean N Mean in value . value
dian dian Means Medi-
ans
Investment term 276 94 12.0 189 115 120 2.1 579 00 528  w
Interest rate 276 669 0.060 189 669  0.065 -0.001  -0.006 0.005 -0.09

417
418
419
420
421
422
423
424
425
426
427
428
429
430
431
432
433
434
435
436
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438

439
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Bankers' campaigns are categorized into four sectors: "Real estate,” "Digital finance,"
"Fintech," and "Beauty." Differences in success rates are evident across these sectors. Spe-
cifically, "Beauty” campaigns achieved a relatively high success rate of 73%, whereas
"Fintech" campaigns had a lower success rate of 40%. "Real estate" and "Digital finance"
campaigns recorded success rates of 59% and 53%, respectively (Table 7). The purpose of
this study is not to analyze sectoral differences in success rates; therefore, industry-spe-
cific analyses are not conducted. However, since adjustments for these differences are nec-
essary, these variables are included as controls.

Table 7. Success/failure ratio by sector.

Success Failure = Chi-square
Real estate 59% 41%
D.igital finance 53% 47% 00 g
Fintech 40% 60%
Beauty 73% 27%

4.2. Cross-sectional analysis

Table 8 presents the results of a logistic regression analysis, where the dependent
variable is a dummy coded as 1 for campaign success (reaching the target amount) and 0
for failure (not reaching the target amount). Proxy variables related to H1 are used as
explanatory variables, while campaign industry ("Real estate," "Digital finance," "Fintech,"
and "Beauty") is controlled for.

The analysis shows that "Title" and "Perks" are negatively correlated with campaign
success at the 1% significance level. These results contradict the lack of financial literacy
hypothesis. Both variables are unrelated to the fundamental quality of the campaign: the
number of perks is extraneous to the campaign itself, and the length of the campaign title
is freely determined by the organizer. The lack of financial literacy hypothesis assumed a
positive correlation with these variables, yet the observed negative correlation suggested
otherwise. Specifically, individual investors may critically evaluate the rationale behind a
long title or the offering of special benefits before making investment decisions. In other
words, investors in Japanese LBCF appear to actively exercise their financial literacy.

However, Table 8 also indicates that the use of "Purple" is significantly and positively
correlated with campaign success. The color of the text on the website is a peripheral sig-
nal unrelated to the campaign itself. If individual investors are influenced by this variable,
it suggests a lack of financial literacy. Taken together, the analysis using only the proxy
variables for H1 produced mixed findings: some results are consistent with the lack of
financial literacy hypothesis, while others suggest the opposite.

Table 8. The result of logistic regression analysis (related to H1) .

coef std err z-value
Const 2.376 0.603 3.943 ***2
Title -0.078 0.029 -2.705 ***
Perks -0.368 0.117 -3.138  ***
Red -0.651 0.425 -1.531
Purple 0.004 0.002 1.989 **
Sector YES
R2 0.060
AlICc 589

BIC 621

441
442
443
444
445
446
447
448
449
450

451

452

453
454
455
456
457
458
459
460
461
462
463
464
465
466
467
468
469
470
471
472
473
474



15 of 21

N 451
1 The explanatory variable is a success dummy.

2*** indicates significance at the 1% level.

Table 9 presents the results of logistic regression analysis with a dummy variable for
campaign success (set to 1) as the dependent variable and proxy variables for H2 as the
explanatory variables. The campaign sectors (real estate, digital finance, fintech, and
beauty) are controlled for.

There is a significant positive correlation with "Domestic campaigns" at the 5% level.
Given that most investors are Japanese, this likely reflects a psychological tendency to find
domestic campaigns easier to understand. "Investment term" is significantly negative at
the 1% level. A longer investment term increases the risk of recovery, thereby lowering
the probability of success, which is consistent with many previous studies.

"Investment capital" shows a significant negative correlation at the 5% level. While
prior research generally reports a positive correlation, the results of this study indicate the
opposite. Although interpreting this outcome is beyond the scope of this paper, one pos-
sible explanation is that, in Japan—where the banking system is highly developed —reli-
ance on LBCF for business financing may occur only as a last resort after unsuccessful
negotiations with financial institutions or other entities. Individual investors are likely to
perceive this as an additional risk. Regarding credit risk, "Co-investment" shows a signif-
icant positive correlation with campaign success at the 10% level, suggesting that individ-
ual investors feel more secure when fundraisers also share the same risk, thereby increas-
ing the probability of success.

As described above, not all proxy variables are correlated with campaign success, but
several are significantly associated with it. This indicates that individual investors do, to
some extent, respond to signals provided by borrowers and platforms. Overall, the results
suggest that investors possess financial literacy.

Table 9. The result of logistic regression analysis (related to H2) .

Coef std err z-value
Const 1.81 1.34 1.83
Domestic campaign 1.05 0.53 3.87 **2
Investment capital -0.96 0.38 6.25 **
First-come, first-served -0.74 0.61 1.45
Investment term -0.14 0.03 20.46 ***
Bankers' track record -0.54 0.36 2.34
Co-investment 0.51 0.28 3.39 *
Collateral -0.33 0.35 0.87
Risk analysis 0.46 0.29 2.48
Partnership with listed
companies -0.00 0.30 0.00
Female 0.69 0.75 0.84
Interest rate 13.59 8.77 2.40
Sector Yes
R2 0.1377
AlICc 573
BIC 634
N 465

1The explanatory variable is a success dummy.
2% #* and * indicate significance at the 1%, 5%, and 10% level, respectively.
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Tables 8 and 9 independently test the two hypotheses regarding campaign success.
Table 10 presents the results of analyzing the proxy variables for both hypotheses simul-
taneously. In this specification, the proxy variables for H1 and H2 are examined to deter-
mine whether they influence campaign success while controlling for one another.

Among the H1 proxy variables, “Perks” remained significantly negatively correlated
at the 1% level. In contrast, “Title” and “Purple,” which were significant in Table 8, lost
their significance. This indicates that individual investors consistently avoid campaigns

that emphasize benefits unrelated to the core of the campaign, such as the number of perks.

This finding contradicts the lack of financial literacy hypothesis.

The H2 proxy variables showed results consistent with those in Table 9. Specifically,
“Domestic campaigns” and “Co-investment” were significantly positively correlated with
campaign success, while “Investment capital” and “Investment term” were significantly
negatively correlated. These variables retained significance even after controlling for the
peripheral signals in H1, thereby providing more robust support for H2.

Table 10. The result of logistic regression analysis (two hypotheses coexist) !.

Coef std err z-value
Const 1.95 1.64 1.42
Title -0.01 0.03 0.03
Perks -0.68 0.16 19.07 ***2
Purple 0.000 0.002 0.000
Domestic campaign 1.05 0.61 292 *
Investment capital -1.11 0.41 7.35 FE*
First-come, first-served -0.29 0.65 0.20
Investment term -0.11 0.03 12.42  ***
Bankers' track record -0.52 0.38 1.91
Co-investment 1.11 0.32 11.73  ***
Collateral -0.16 0.39 0.17
Risk analysis 0.49 0.31 2.46
Partnership with listed
companies 0.18 0.32 0.34
Female 0.58 0.81 0.52
Interest rate 11.21 9.28 1.46
Sector Yes
R2 0.1624
AlICc 548
BIC 620
N 451

1The explanatory variable is a success dummy.
2¥% #* and * indicate significance at the 1%, 5%, and 10% level, respectively.

4.3. Additional analysis

The previous section demonstrated that peripheral factors unrelated to the substance
of campaigns do not affect the success of LBCF in Japan, whereas certain essential signals
sent by borrowers and platforms do influence outcomes. The robustness of those findings
is examined in this section.

Table 11, Model 1 reports the results of a probit analysis with campaign success as
the dependent variable and the H1 and H2 proxy variables from Table 10 as explanatory
variables. The results show that “Perks,” “Investment capital,” and “Investment term” are
significantly negatively correlated with success, while “Domestic campaign,” “Co-
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investment,” and “Risk analysis” are significantly positively correlated. As in the previous
analysis, these results reject the lack of financial literacy hypothesis.

Table 11, Model 2 presents the results of an OLS multiple regression with achieve-
ment rate as the dependent variable. Significant variables included “Domestic campaign”
(positive), “First-come-first-served” (negative), “Investment term” (negative), “Co-invest-
ment” (positive), and “Female” (positive). While these results are broadly consistent with
the earlier analysis, they are not completely aligned. We interpret this to mean that some
campaigns stop accepting funds once the target amount is reached, so campaign success
does not necessarily translate into a higher achievement rate. Importantly, none of the H1
proxy variables were significant. This suggests that individual investors are not influ-
enced by peripheral signals but instead base their investment decisions on the substantive
elements of the campaign. The results indicate that financial literacy is being effectively
applied.

Table 11. The result of probit analysis and OLS (two hypotheses coexist) '.

Model 1: Probit analysis Model 2:  OLS
Dependent variable: Success dummy Dependent variable: Success rate (%)
Coef std_err  z-value Coef std_err t-value
Const 1.01 0.94 1.08 3.30 0.66 5.03 ***
Title 0.00 0.02 -0.01 -0.01 0.01 -0.60
Perks -0.40 0.09 -4.51 % -0.06 0.06 -0.97
Purple 0.00 0.00 0.05 0.00 0.00 -0.31
Domestic campaign 0.67 0.36 1.84* 0.43 0.26 1.65*
Investment capital -0.65 0.24 -2.76%* 0.07 0.16 0.43
First-come, first-served -0.15 0.37 -0.40 -2.81 0.23 -12.20***
Investment term -0.07 0.02 -3.56*** -0.02 0.01 -1.65%
Bankers' track record -0.31 0.22 -1.40 0.12 0.15 0.79
Co-investment 0.65 0.19 3.38*** 0.24 0.13 1.81*%
Collateral -0.11 0.24 -0.44 -0.11 0.17 -0.63
Risk analysis 0.31 0.19 1.66* 0.10 0.13 0.73
Partnership with listed companies 0.14 0.19 0.71 0.13 0.14 0.95
Female 0.39 0.50 0.78 0.98 0.35 2.82%**
Interest rate 6.80 5.42 1.26 3.54 3.87 0.92
Sector Yes Yes
R2_U/Adj_R2 0.16 0.32
AlCc 549 1276
BIC 621 1349
N 451 451

5. Conclusions

In this paper, the factors contributing to successful fundraising through LBCF in Ja-
pan are examined from the perspective of financial literacy. The analysis covers 465 cam-
paigns launched between December 2020 and the end of September 2024 on Bankers, the
largest platform in Japan.

There are two main findings. First, peripheral signals emitted by borrowers and plat-
forms did not remain significant once diagnostic, campaign-related signals were taken
into account. By contrast, variables such as “Perks” were negatively associated with cam-
paign success (i.e., counterproductive). Hence, investors appear to prioritize diagnostic
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over peripheral cues. Second, diagnostic signals are consistently significant for “Domestic
campaign” (positive), “Co-investment” (positive), and “Investment term” (negative),
while “Investment capital” is significant in the opposite (negative) direction to the original
assumption. This suggests that rational assessments of liquidity, alignment of interests,
and proximity (home bias) are at work, and that investors may also be cautious about the
last-resort connotation of “funding” announcements. These results are robust in both the
independent and combined models.

Both the probit analysis—using campaign success (1/0) as the dependent variable —
and the OLS multiple regression —using achievement rate as the dependent variable —
reconfirmed the significance of H2’s diagnostic signals (Domestic, Co-investment, Invest-
ment term, etc.), while H1’s peripheral proxies were generally insignificant. This rein-
forces the conclusion that investors are not swayed by peripheral signals but respond to
diagnostic information.

In summary, the hypotheses tested in this study —H1: In LBCF campaigns, periph-
eral signals that should not be relied upon increase the probability of success; H2: In LBCF
campaigns, diagnostic signals are not properly evaluated and therefore do not affect the
probability of success—were both rejected. In the Japanese LBCF market, individual in-
vestors demonstrate financial literacy and place greater weight on diagnostic rather than
peripheral signals.

Improving the financial literacy of individual investors is a global priority. This study
shows that the analysis of crowdfunding can be used not only to identify success signals
but also to assess investors’ financial literacy. Nevertheless, the analysis is limited to a
single platform and a defined period. Future research could offer more practical recom-
mendations for investor education and disclosure design by (1) comparing multiple plat-
forms, (2) conducting international comparisons, and (3) refining content analysis of text
and images.
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